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ABSTRACT

In a distributed computing system utilizing multiple computing nodes, coded distributed computing has been
proposed to reduce straggler effects, ensure data privacy, and so on. However, due to the characteristic of
distributed computing systems where many computing nodes called workers are utilized, there may exist
Byzantine workers that carry out malicious attacks by sending wrong computation results to contaminate the
overall computation results. In this paper, for the case where some Byzantine workers that return wrong
computation results exist in coded distributed computing for matrix multiplication tasks, we introduce a new
coded distributed computing scheme for effective identifying Byzantine workers and decoding the overall
computation results. First, we suggest a new coded distributed computing technique for identifying Byzantine
workers, and propose two group testing approaches suitable for the proposed coded distributed computing
scheme. In addition, we show the Byzantine worker identification time to identify Byzantine workers via
experiments that perform matrix multiplication tasks in the presence of Byzantine workers in Amazon Web

Service (AWS) distributed computing systems.
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